DESIGN OPS  ·  RESPONSIBLE AI
AI Bias Audit for the design process
A working checklist for product designers and researchers. Start with the personas your AI tools generate, then walk the same scrutiny through every stage where a model touches the work, from research to shipped features.
	PROJECT
 
	AUDITOR
 
	DATE
 
	AI TOOLS USED
 



How to run this audit
1.  Work top to bottom. Check off each question once you have actually looked, not just skimmed.
2.  Mark OK if it holds up. Flag Low, Med, or High if it falls short.
3.  Note the specific problem, then log the fix and revised prompt at the end.
4.  Do not run it alone if you can avoid it. You share the model's blind spots, so bring in a second reviewer, and where possible someone from the group the personas depict.
5.  Attach the completed audit to your deliverable so the next reviewer can see what you caught.
Rating key
☐ OK  no issue found      ☐ Low  minor, fix when convenient      ☐ Med  fix before handoff      ☐ High  blocks the work, fix now
Where the bias comes from
Naming the mechanism makes it easier to spot. Most of what you flag traces back to one of these.
	Training-data skew
The model learned from an uneven slice of the world, so its idea of a default person is uneven too.
	Representation gaps
Whoever was thin on the ground in the data stays thin on the ground in the output, unless you ask otherwise.

	Automation bias
We trust confident machine output more than we should, and quietly stop double-checking it.
	Aggregation bias
Summarizing many voices into one clean theme tends to erase the ones that differ.

	Feedback loops
Biased output becomes tomorrow's input, and small skews compound over time.
	Convenient defaults
Young, urban, affluent, tech fluent, always online. The baseline a model reaches for when you do not specify.



PART ONE  ·  YOUR MAIN FOCUS
Persona bias
When you ask a model for personas, it fills the gaps with its defaults, and some of those gaps you handed it in the request. Start by checking what you fed the tool, then work through whether the set it returned reflects the people you actually serve or a narrow stand-in for them.
1.1  Check your inputs first
	Question
	OK
	Low
	Med
	High

	Before blaming the output, reread your prompt: did it name a narrow user (age, job, income, ability) before the model had a chance to?
	☐
	☐
	☐
	☐

	Do the example personas or reference data you fed the tool all point at one kind of person?
	☐
	☐
	☐
	☐

	If you seeded the tool with real research, does that source already under-represent some of your users, so the skew is yours before it is the model's?
	☐
	☐
	☐
	☐

	Should the data you are pasting in even be there? Confirm transcripts, tickets, and participant details are cleared for a third-party AI tool before you use them.
	☐
	☐
	☐
	☐


1.2  Representation and demographics
	Question
	OK
	Low
	Med
	High

	Does the set span a real range of ages, or does it cluster around one convenient band?
	☐
	☐
	☐
	☐

	Are gender identities shown beyond a binary default, including trans and non-binary users where the product warrants it?
	☐
	☐
	☐
	☐

	Do race and ethnicity show up as specific, textured details rather than one diverse-looking stand-in?
	☐
	☐
	☐
	☐

	Are users with disabilities present, including non-apparent ones like chronic pain, low vision, ADHD, or anxiety?
	☐
	☐
	☐
	☐

	Do assumptions about body type, health, or fitness stay out unless the product genuinely calls for them?
	☐
	☐
	☐
	☐


1.3  Intersectionality and compounding identity
	Question
	OK
	Low
	Med
	High

	Can the set produce a person who sits at more than one margin at once, for example an older disabled woman on a low income, not only one trait per persona?
	☐
	☐
	☐
	☐

	Are you checking combinations, rather than ticking each axis (age, race, gender, disability, income) off on its own?
	☐
	☐
	☐
	☐

	Where identities overlap, does the persona still read as a whole person instead of a stack of labels?
	☐
	☐
	☐
	☐


1.4  The average-user trap
	Question
	OK
	Low
	Med
	High

	Did the model quietly treat a young, urban, high-income, tech-fluent user as the baseline everyone else deviates from?
	☐
	☐
	☐
	☐

	Are income and financial constraints reflected, not just aspirational buying power?
	☐
	☐
	☐
	☐

	Do the personas assume constant connectivity, newer devices, and fast data?
	☐
	☐
	☐
	☐

	Is fluency in your primary market's language assumed without a reason?
	☐
	☐
	☐
	☐


1.5  Stereotyped traits and narratives
	Question
	OK
	Low
	Med
	High

	Do jobs, hobbies, and goals actually vary, or do they map to tired types like the busy mom, the techie, the retiree who is bad with technology?
	☐
	☐
	☐
	☐

	Are motivations grounded in a specific need, rather than an assumption about what a group wants?
	☐
	☐
	☐
	☐

	Does the writing describing each persona stay neutral and respectful, free of loaded or clinical labels?
	☐
	☐
	☐
	☐

	Are family structures, living situations, and relationships varied rather than one nuclear-family default?
	☐
	☐
	☐
	☐


1.6  Lived experience and access
	Question
	OK
	Low
	Med
	High

	Are access needs named concretely (screen reader, captions, voice input, high contrast) where they would matter?
	☐
	☐
	☐
	☐

	Do the personas reflect different levels of trust, comfort, and prior experience with this kind of product?
	☐
	☐
	☐
	☐

	Are cultural, religious, or regional contexts considered where they shape real use?
	☐
	☐
	☐
	☐

	Would someone from the group depicted recognize themselves, or feel flattened into a type?
	☐
	☐
	☐
	☐


1.7  Grounding in evidence
	Question
	OK
	Low
	Med
	High

	Is each persona traceable to something real (research, analytics, support tickets), or invented whole by the model?
	☐
	☐
	☐
	☐

	Does the generated set contradict anything your existing research already tells you?
	☐
	☐
	☐
	☐

	Have you named the users this set leaves out, and made a deliberate call on whether that gap is acceptable?
	☐
	☐
	☐
	☐




PART TWO  ·  THE REST OF THE PIPELINE
AI bias across the design process
Personas are the obvious place a model shapes your thinking, but not the only one. AI now sits in research, ideation, copy, imagery, prototyping, testing, and the features you ship. The same skew shows up at each stage. Walk them.
2.1  Research and synthesis
	Question
	OK
	Low
	Med
	High

	When AI summarizes interviews or open-text responses, does it flatten smaller viewpoints into the majority theme?
	☐
	☐
	☐
	☐

	Are pain points and quotes from minority segments surviving the summary, or getting averaged away?
	☐
	☐
	☐
	☐

	Did the model infer demographics, sentiment, or intent that participants never actually stated?
	☐
	☐
	☐
	☐


2.2  Ideation and concepts
	Question
	OK
	Low
	Med
	High

	Do AI-suggested concepts converge on familiar, mainstream patterns and skip the edges?
	☐
	☐
	☐
	☐

	Are you treating the model's first ideas as one biased starting point, rather than the safe default?
	☐
	☐
	☐
	☐


2.3  UX writing and content
	Question
	OK
	Low
	Med
	High

	Does generated copy assume a gender, family setup, or cultural reference that will not hold for everyone?
	☐
	☐
	☐
	☐

	Is the reading level and idiom accessible to non-native speakers and lower-literacy users?
	☐
	☐
	☐
	☐

	Do example names, avatars, and placeholder data represent more than one kind of person?
	☐
	☐
	☐
	☐


2.4  Imagery and generated visuals
	Question
	OK
	Low
	Med
	High

	Do generated images over-represent one skin tone, age, or body type by default?
	☐
	☐
	☐
	☐

	Are people with disabilities, assistive devices, or larger bodies shown as ordinary rather than as a special case?
	☐
	☐
	☐
	☐

	Do the visuals reinforce a stereotype about who does what: who cooks, who codes, who leads?
	☐
	☐
	☐
	☐


2.5  Prototyping and tool suggestions
	Question
	OK
	Low
	Med
	High

	When a design tool auto-fills layouts or content, whose norms does it assume for name, date, address, and currency formats?
	☐
	☐
	☐
	☐

	Do suggested components survive long names, non-Latin scripts, right-to-left text, and localized formats?
	☐
	☐
	☐
	☐


2.6  Evaluation and synthetic testing
	Question
	OK
	Low
	Med
	High

	If you are testing with AI synthetic users, are you clear that they carry the model's biases and cannot replace real people?
	☐
	☐
	☐
	☐

	Are your real usability sessions recruiting beyond the easy-to-reach, already-included users?
	☐
	☐
	☐
	☐


2.7  Metrics and interpretation
	Question
	OK
	Low
	Med
	High

	When AI reads analytics or feedback, is it treating the majority pattern as the correct behavior?
	☐
	☐
	☐
	☐

	Are small segments with different needs visible in the read, or buried under the aggregate?
	☐
	☐
	☐
	☐


2.8  Shipped AI features
	Question
	OK
	Low
	Med
	High

	For any AI feature reaching users, have you checked how it performs for underrepresented groups, not just the average user?
	☐
	☐
	☐
	☐

	Could it fail silently or unfairly for some people in recognition, ranking, personalization, or moderation?
	☐
	☐
	☐
	☐

	Is there a way for users to correct or contest what the AI decides about them?
	☐
	☐
	☐
	☐




CAPTURE IT
Findings log
One line per flag. Name who it affects, since a thin gap in an internal tool and a feature that misreads some users are not the same weight. Make the fix concrete and paste the prompt you would run next time.
	Stage
	What you found
	Who's affected
	Severity
	Fix / revised prompt
	Owner

	 
	 
	 
	 
	 
	 

	 
	 
	 
	 
	 
	 

	 
	 
	 
	 
	 
	 

	 
	 
	 
	 
	 
	 

	 
	 
	 
	 
	 
	 

	 
	 
	 
	 
	 
	 

	 
	 
	 
	 
	 
	 

	 
	 
	 
	 
	 
	 

	 
	 
	 
	 
	 
	 

	 
	 
	 
	 
	 
	 




BEFORE YOU SIGN OFF
Hold onto these
▪  A missing user is still a design decision. The only question is whether you made it on purpose.
▪  The model's confidence is not evidence. Trace every claim back to something real before you build on it.
▪  Fix the prompt and the output, then write down what changed, so the next person inherits the improvement, not the bug.
▪  This is not a one-time gate. New AI touchpoints appear across a project, so run the relevant sections again as the work moves.
	AUDITED BY
                              
	DATE
                              
	REVIEWED WITH
                              



Where to dig deeper
Reputable starting points. None of these is a substitute for talking to real, varied users.
▪  Microsoft Inclusive Design  ·  principles and methods for designing with a fuller range of people
▪  W3C WCAG  ·  the accessibility standard your access checks map to
▪  Google People + AI Guidebook  ·  patterns for designing AI features responsibly
▪  NIST AI Risk Management Framework  ·  a structured way to think about AI harm and mitigation
▪  ACM Code of Ethics  ·  the professional baseline for building things that affect people

AI Bias Audit for the design process   ·   original template, free to adapt for your team   ·  
          
Resource by -   Surbhi Hote (Lead Product Designer)   surbhihote@gmail.com    www.surbhihote.com    LinkedIn
